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Abstract—The professional football business is becoming more
data-driven, but the choice regarding matchday selection of
players can be fraught with hunch and scant statistical data.
This paper introduces an Artificial Intelligence (AI)-oriented
model of improving player selection in the UAE Pro League. The
framework combines performance analytics, machine learning,
contextual data, and explainable AI to help make transparent
and objective decisions. In a design-based, qualitative study, we
show that AI has the potential to enhance human expertise,
resulting in consistency, equity, and tactical expertise. There are
also ethical and practical considerations of Al in sports.

Keywords—artificial intelligence, data analysis, machine
learning, sport analytics

I. INTRODUCTION

One of the most important aspects in professional
football is the process of player selection, which has a direct
influence on performance, risk of injury, team morale, and
future growth. Conventionally, subjective coach evaluation
and simple statistics had been the staples of this process. The
adoption of artificial intelligence (AI) into everyday
matchday selection is not a standard practice, even in the face
of a rapid technology change, despite being used to create a
wealth of performance data [1], wearable sensors and optical
tracking appear [1], and wearable sensors can monitor verbal
cues in local and open-air matches [1]. Contemporary
football sports produce enormous amounts of data on player
performance, such as technical, physical, tactical, and
physiological data, as well as contextual information such as
opponent style and fixture congestion [1]. This data can give
us a wide picture of match preparedness, but its
amalgamation into the decision-making process is hard [4].
Most clubs, the UAE Pro League included, fail to transform
data into a systematic selection policy, which could introduce
inefficiencies, inconsistency, and diminished accountability
[3].

This research was designed to create a theoretical
Al-based framework in order to assist professionals in
football (PFL) in choosing who to select in the matchday
squad, in this case, the UAE Pro League. This study used a
qualitative, design-based methodology, which includes a
systematic literature review, consultations with experts,

including coaches and analysts, and a developmental
framework [2]. The research answers two research
questions:

How can an Al-based system enhance the
uniformity of player selection? and what performance
metrics and contextual variables are most suited?

The main value of this work lies in an innovative,
context-specific framework that closes the divide between
high-technology sports analytics and the real context of
decision-making within a football club. It promotes research
through its explicit approach to merging the concepts of
Explainable AI (XAI) and multi-criteria decision analysis
(MCDA) to the field of sports selection and provides a
framework of ethical and open human-AI cooperation. It is a
flexible, systematic framework available to practitioners,
enabling clubs to audit and refine their selection procedures
to use data as an aid and not as a replacement for expert
coaching action.

II. LITERATURE REVIEW OVERVIEW

The development of the Al-driven selection system
would require the integration of the knowledge of a range of
related fields: the current level of Al in the field of sports
analytics, the complexity of football performance analysis,
and the principles of efficient decision-support systems
design. A critical review of the latest
literature indicates significant developments and gaps.

The use of Al and ML in football has grown in
multiple dimensions. In their systematic review, Rico-
Gonzalez et al. (2023) emphasize the increased application of
ensemble models and deep learning in tasks, such as
predicting performance outcomes and estimating injury risk.
They mention that such techniques are very effective in
capturing non-linear relationships in large-scale sports data.
Their review, however, also shows a strong bias in the
literature towards post-hoc analysis and is based on elite
European contexts, with a lack of research aimed at
prescriptive, decision-oriented solutions to league systems at
other stages of development.

In addition to this, Enaganti and Pappas (2025)
show that ML can optimize sports problems, such as NFL
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draft options, through the use of Random Forest classifiers
and simulation. Their article confirms the application of ML
to prioritize a variety of targets (e.g., player talent vs.
team need), which can be directly applied to matchday
selection. The permanence of a draft, however, is a stark
contrast to the dynamic, weekly rhythm of team formation,
which has to consider the variable conditions of players and
immediate tactical conditions.

It is as important to know what to analyze as it is to
know how. The seminal research by Carling et al. (2007)
confirms that player performance is multidimensional by
nature, and it involves technical, physical, tactical, and
psychological elements. Their assertion that no evaluation
can be complete without contextualization is very strong,
since the same statistical result can be interpreted in different
ways based on the match status, quality of opponent, and
location of pitch. This highlights a shortcoming of most early
Al sports models, which assumed that data existed in
isolation. In the meantime,

Zhang and Li (2021) provide a literature review on
how AI isbroadly usedin sports and the prospects of
improving fairness and accuracy. Nevertheless, they also
warn of the imperfection of the technology, such as
integration of hardware-software and the possibility of unjust
results in case systems are not properly handled, which leads
to a necessary debate on the ethics.

The moral aspect of Al in sport has already become
an urgent academic issue. A systematic scoping review
conducted by Kim et al. (2025) presents the primary ethical
issues into four categories, including fairness and bias,
transparency and explainability, privacy and data ethics, and
accountability. Their work finds that the most discussed
concerns are privacy, and the least developed are
accountability mechanisms. This is supported by
Ghorbani Asiabar et al. (2025), who state that in sensitive
fields such as injury prediction, explainability is absent
without strong data protection mechanisms since this aspect
will keep athletes trusting. The collective finding of these
reviews is that there is a gaping disconnect: most ethical
practices are highly abstract, with limited articles offering a
specific and practical framework of ways to act upon these
issues in an operational unit, such as a selection tool.

Lastly, the emphasis on decision-support system
literature focuses on the philosophy of augmentation rather
than automation. Good systems are systems that work
together with human experts, give interpretable advice,
simulate scenarios, and allow sensitivity analysis. This is in
line with the argument of Ks (2020) in an exploratory study
on the use of AI in football around the world, when the
researcher notes that the highest value of the technology is
improving human decisions and competitiveness in teams,
rather than eliminating the human factor. The problem is then
to design a system not as a black box but as a glass box,
making its reasoning transparent. This necessity introduces
the concept of Explainable AT (XAI) to prominence as the
mandatory feature of any tool that should be used in high-
stakes and real-world applications in sports.

A. Maintaining the Integrity of the Specifications

The template is used to format your paper and style the
text. All margins, column widths, line spaces, and text fonts
are prescribed; please do not alter them. You may note
peculiarities. For example, the head margin in this template
measures proportionately more than is customary. This
measurement and others are deliberate, using specifications
that anticipate your paper as one part of the entire proceedings,
and not as an independent document. Please do not revise any
of the current designations.

III. THE AI-ENABLED FRAMEWORK

The proposed Al-Assisted Matchday Optimization

Framework is a multi-layered decision-support system
designed to structure the architecture, as visualized in the
graph below, and consists of four core components:
Data Aggregation Layer: This base layer absorbs and
standardizes different streams of data. It combines both
structured performance variables (e.g., physical load, tactical
positioning, technical actions) and unstructured context data
(e.g., opponent tactics, weather conditions, travel fatigue).
The layer generates a comprehensive, integrated portrait of
the match preparedness of every player.

Al Analytics Engine: This layer is at the centre of the

core and utilizes machine learning models, such as ensemble
approaches and predictive analytics, to process the
aggregated data. It delivers information like predicted
performance impact to a particular
opponent, individualised risk of injury briefs, and tactical
appropriateness ratings. The engine is what converts raw data
into actionable evidence-based indicators.
Recommendation and Optimization Layer: This layer
involves multi-criteria decision analysis (MCDA) to trade off
conflicting objectives, e.g., the maximum expected
performance versus the minimum injury risk or the maximum
fatigue in players. It produces ranked player selection
suggestions in various tactical formations, enabling coaches
to provide constraints and preferences depending on their
strategy.

Explanation Interface: This essential layer relies on
explainable artificial intelligence (XAI) to expose the
reasoning underlying the Al It also presents concise, user-
friendly visual representations of why a gamer is suggested or
red-flagged. The interface is collaborative, allowing coaches
to override, modify, or inquire about recommendations, so
that the system enhances but never replaces
human expertise.

IV. RESULTS

The results indicate that the proposed Al-based
player selection framework introduces substantial, promising
improvements to the traditional intuition-based player
selection framework. According to the professional
evaluation, a reasonable amount of consistency and decreased
subjectivity inthe matchday decision-making can be
achieved by incorporating the performance information,
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Al-based player selection to professional football. The study markets

illustrates how AI may be applied to help find solutions
and facilitate effective, transparent, and consistent decision-
making without necessarily following the human experience
through the creation of the AlI-Assisted Matchday
Optimization framework. As football keeps evolving, making Parformanee metries, contexiual
it more difficult and more competition-based, the prospect of
Al appearing in operational decision-making is an attractive
strategic move. The theoretical frameworks, like AIMO, can
be used to indicate how Al can be used ethically and provide
high-performance printouts, corporate responsibility, and
competitiveness. Future research may add to and further this T ——— MCDA, fineup ranking, fatizue
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of evidence on Al-based decisions in sports.
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